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Data Warehousing *

Master Data Management *
Data Storage & Operations *
Reference Data Management *
Data Integration & Interoperability *
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« Adatmenedzsment érettségi felméreési
modszertan kialakitasaval, finomhangolasaval,
modszertani elemek kidolgozasaval
foglalkozunk.

« Modszertani elemek:

v’ Erettségi modell
v’ Felmérési utmutato
v’ Altalanos moédszertani kérdések

v Al/ML alapu tamogaté megoldas fejlesztése
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'MIERT ERDEMES ERETTSEGI FELMEREST VEGEZNI?

E

.

* Nagyon nehéz jo stratégiat alkotni ugy, hogy nem tudjuk, honnan
indulunk

* Az adatmenedzsment nem kizarolag muszaki (IT) feladat, az lizlet
bevonasa nélkill nem sok értelme van. Az érettségi felmérés a
koz6s megértés megteremtésének (is) az eszkoze.

» A stratégiai aspektusok egymassal 6sszefliggd modon hatarozzak
meg a vallalat adatmenedzsment képesseégeit. A felmérés segit
megérteni ezeket az osszefiiggéseket.

« Egy j6 modell nemcsak a kiindulasi allapot, hanem a ceélallapot
meghatarozasara is alkalmas, ami segit abban, hogy
* Ne maradjon ki fontos teriilet a stratégiabdl
* Realis célokat tlizziink ki

» Helyesen rajzoljuk fel az utvonaltervet és ne feledkezziink meg
a fiuggoségekroél sem

... igy a végeén tényleg oda érkezziink meg, ahova szeretnénk.




' Fazis alapu adatmenedzsment érettségi-modell

Az alabbi fazis alapu érettségi modellt hasznaljuk a felmérési interjuk tematizalasara és az eredmények
megfogalmazasara. Az ugynevezett ,evoluciés fazisokat” (paratlan) ,forradalmi fazisok” (paros) valasztjak el egymastdl.
A modell a Gartner érettségi modelljén alapul, jelentds tovabbfejlesztése révén kiklszobdli az eredeti modell osztalyozasi
bizonytalansagait és hianyossagait a kozeljovo kihivasainak azonositasaban.

Phase I. Phase Il. Phase lll. Phase IV. Phase V. Phase VI. Phase VII.
A mellékelt pelda egy Iehetséges Ad-hoc data Analytical Data Understanding Lead by ,One size Enterprise
felmerési . F polishing appetite management the value of Standards does not fit all" level data
elmeérési eredményt mutat be. Fontos is plugged in o management
kiemelni:
@
 Nem jellemzb eredmény, hogy egy ®
vallalat  kizar6lagos  tagsaggal ® N
rendelkezik egy adott fazisban. > P
. . . = ®
« A tipikus eredmény a ket 2 ®
szomszédos fazisban valo ‘§“ ®
dominans tagsag (a példaban a "= :
harmadik és a negyedik fazis van " °
kiemelve). *8' :
* Nincs olyan, hogy ,j6” vagy ,rossz” & N ®
eredmeény, a modellben a jelenlegi < ®
vagy akar a jov6ben tervezett o
allapot abrazolasa elésegiti a @ ‘
k6zOs megeértest. Maturity

(J
With the support of OTP Bank - Under the professional supervision of Dr. Matyas Miskolczi - Intellectual property of DAMA Hungary CJ Otp




Aspects of Maturity

4 N\ )
Phase I. Phase ll. Phase Il Phase IV. Phase V. Phase VI. Phase VII. Phase VIII. Phase IX. ’
Ad-hoc data Analytical Data ; Lead b ,One size Enterprise Connect the Data driven ‘ ‘
polishing app)elztite management Uphcjee\tztlir;dcl)?g Standarzi/s does not fit all" level data dots company SKENET
is plugged in data management
®
®
@
L
®
o
®
@
@
o
®
@
@
®
@
o
®
@
Maturity ~ /\ -

With the support of OTP Bank - Under the professional supervision of Dr. Matyas Miskolczi - Intellectual property of DAMA Hungary

©otp




Phase | Phase Il Phase llI Phase IV Phase V Phase V

ad-hoc data polishing analytical appetite data management is plugged in understanding the value of data | lead by standards one size does

1 iData related goals get missed by the lack of priority ilt‘s hard to keep strategies in syn
|(delayed, expected results stay being a promise). |Data Strategy is separated, it's roughly aligned with |"interfaces”. Minor changes are r
IResource allocation is either low or aggregated to Ibusiness and IT strategies lignored that makes significant re
Iother IT goals Iimplement. Al does not fit well inf
] |Data Governance is operational
1 ; ; . ; Iprocesses are integrated and al
|Data Goverance is partially operationalized but not E2E | . . . 1 X X
Coverng new area re mreprojctbased ananot {025 SO TICE 6 pralonalaes bl crage s 1usness s an et
| i i ityis | | |
baked in to everyday operation, and metadata quality is jend2end to the technical table level. Processes and  |not campaing maner. The inform

I::zeg;admg overtime. Usage and trust is dependent oy IStandards are established and maintained. Itoolsetis mostly trusted and at a

T

| Data has a dedicated chapter in the IT strategy but all in
all, Data is still not in focus, "classic” IT aspects are

|dominant.

I

1
jAnalytics and Data related improvements need to be
:aligned to atarget

I

1 |

: :The importance of Data Governance is realized and

. . Multiple version of truts are in reports. Many conflicting | Data Governance initiative(s) are started and the

Data Governance m(:jjiei?jtgagllsov:;?:onnc:l. I:,]n:"l;’récgseaéea?aagfvillpsgabr:E;]en?‘f(?f:analitics. The need forincrease the trustin reports are |basics are establisehd. Critical data sets and their
at all) named for compliance réasons jpresent. Analysts are specialized and not |sources are identified. Critical data is governed. DG

linterchangable. Some DG roles are already present.  Iroles are establised and DG focus organization is
1

Data Strategy Mo data strategy

! :created. I : lused it by the majority of the orga
3 1 ] | 1 jareas are covered with the same
1Significant decision(s) made wrong because of data | I 1 |
lerrors done in Excel. People in key process(es) claim | Data Quality problems are solved at regulatory / : : :
. . for better data quality, workaround costs and risks are [ authority reports and data semvices. . I . . DQ is measured and managed :
Data Quality :'rl]'sp:erfgim‘ss T ErEEHIE 1y R G recognized : ANDIOR ::"?1ii?}lrt}et?éhiz:lﬂgs:il:::]es;g:g::s;& ST :DO. is managed in a platform for critical DM processes |lifecycle idependently. DQ rules
| ANDIOR |Mon-obligatory DQ improvements also appear | | | may even contradict each other.
IRegulatory reports often don't not meet official Ibecause of business needs I 1 I
4 =requirements -fees are to be paid : : : :
1 1 1 1 | The lack of general concept/ def
1 | | 1 | allows opportunistic definitions.
: : : : I"understanding” of master data
Single source of . ; circumstances: ifit makes a solt
g ) I ) - ISSOT awareness on critical data, master datais IMaster data is still distributed amaong source and '30”."9 master data is managed. SS0T s labelled Ithan we call is "master”. If it's prc
truth / Master Data There is no SS0T Trusted reports contradict each other by definition : ) ) (typically core systems consider themseves as master
| lidentified lanalytical systems B Inot.)
Management 1 | 1 jregarding e.g. product, etc) |
: : : : :T\;pical case: 580T of customer
1 1 1 1 | exclusively by traditional core sys
5 1 I I 1 Isingle solution becomes critical
- John Doe has left the company and no one knows how : IData integration and warehousing is done by IT, from | Departments fight for having suff
Allocation of data he has assembled the reporting excel file / SQL query |Properly processing data is linked to business |IT becomes a bottlieneck, so departments build data - pLiLl s !
i EZE data processing is linked to persons ANDIOR departments having sme-s and key users, while data Imanagement silo-s to serve their own business e Gl T EETE EE R0 I D EERE e Rl et el e (e e
proces=ing ° ? ° XY is not allowed to go on holidays when specific int::j ration and regaration tasks aYre rovided by IT lpur oges e e R
_ |competences go on ¥ P g prep P 4 |PUP |organisation. |standards.
& reports need to be submitted \
1

|
11T reaches its limits in sening b

1
1
1
1
: Isigniﬂcantinvolvement of key usi

) ) . 1 ) Iside is a must.
Tech related skills Dommance_ of personal competencies (that defines |0ne has no capacity to cover all data management Techno_logy related roles are (more or less) separated |Complex tasks fall on the ground due to data |Competences are al_|gned to data management IThe changing data consumer rol
technology in use) jroles by architectural layers |management layer-related roles Iprocesses and not vice versa

to enable data self service ona
|requires more time allocated to t
Itasks from the business side.

|
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A célok és az Az adatmenedzsment Az adatstratégia
adatmenedzsment helyzetét illeté kozos |étrehozasahoz /
aspektusok kozotti megertés kialakitasaban tovabbfejlesztéséhez

os:szgfuggles:ek kdzvetlenll felhasznalhatd
feltérképezésében

inputok eléallitasaban

Az adatstratégia
elérehaladasanak
kovetésében (ismételt
felméreés)

A modell elényei

A +  Segit elére azonositani a fejl6dés fazisaiban felmerulé nehézségeket, hogy a szervezet felkészilhessen rajuk.
I I | I +  Kezelheté mennyiségu kritériumok mentén ad atfogd képet ad a szervezetrdl.

Stratégiai szempontbdl relevans témakat fed le, igy az eredmények kozvetlenul felhasznalhatok adatstratégia létrehozasahoz
vagy megujitasahoz.
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Rethink how we create awareness arounc data

/ * \ / Business
Strategy

Budgeting

Data Agent aided
assessment
manafer.rtlent < Data
maturity 0 Strate
/ \ gy
assessment as

a service

/

/ Review together
with an expert
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*MILYEN FELMERESI MODSZEREK VANNAK ES MIERT
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Age of organization

Greiner's growth model - 5 Phases of Growth
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